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A XM Yy R ERERES, NAGRTMISE, —&RE
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1- #E&TAE

TR 2] BMIxtend, ! pip install mlxtend , ‘FAJTFHIK
{441, pandas, mixtend, HN#EFFEEEHELE.

7

import pandas as pd

from mlxtend.frequent_patterns import apriori, association_rules
# 1 pandasit I A A5 B 52

df = pd.read_csv('./data/GroceryStoreDataSet.csv', names =

— ['products'], sep = ',")

df .head()

preducts
0 MILK,BREAD,BISCUIT
1 BREAD,MILK,BISCUIT,CORNFLAKES

2 BREAD,TEA,BOURNVITA
3 JAM,MAGGI,BREAD,MILK
4 MAGGI,TEABISCUIT

P 1: 3 5 2R B SR
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http://rasbt.github.io/mlxtend/
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from mlxtend.preprocessing import TransactionEncoder
raw_data = list(df["products"].apply(lambda x:x.split(",") ))
bool_trans = TransactionEncoder ()

bool_data = bool_trans.fit(raw_data).transform(raw_data)

BISCUIT BOURNVITA BREAD COCK COFFEE CORNFLAKES JAM MAGGI MILK SUGER TEA

0 True False True False False False False False True False False
1 True False True False False True False False True False False
2 False True True False False False False False False False True
3 False False True False False False True True True False False
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{# ] Apriori BT HRAMNEINEE, apriori PREUKVEGH AT E
it help REE R .

# IR W EN0. 2, HASHUR TR YR 7 22
freq_df = apriori(df, min_support = 0.2, use_colnames = True,
< verbose = 1)

12 0.20 (BREAD, TEA]
13 0.20 (CORNFLAKES, COFFEE]

)
)
14 0.20 (COFFEE, SUGER)
)

15 0.20 (MAGGI, TEA]

[ 3: T 2 Sy ic R e S 2 S AR

M ERFATDES], (HE, %), (WimHE, B SHZME LD (R
KT 0.2) MRS
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# BEHEKERN. 6, I, EWSLRE MmN KT,
o BFHO. MRS ERE MY

df _rules = association_rules(freq_df, metric
< min_threshold = 0.6)

df _rules

= "confidence",

antecedents consequents antecedent support consequent support support
0 (MILK) (BREAD) 0.25 065 0.2
1 (SUGER) (BREAD) 0.30 065 0.2
2 (CORNFLAKES) (COFFEE) 030 040 0.2
3 (SUGER) (COFFEE) 0.30 040 0.2
4 (MAGGI) (TEA) 0.25 035 0.2

[SRERETER S 7 AE L PSS

confidence
0.800000
0.666667
0.666667
0.666667

0.800000

lift leverage conviction

1.230769
1.025641
1.666667
1.666667

2285714

0.0375
0.0050
0.0800
0.0800

0.1125

175
1.05
1.80
1.80
3.25
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antecedents consequents antecedent support consequent support support confidence lift leverage conviction
0 (MILK) (BREAD) 0.25 0.65 0.2 0.800000 1.230769 0.0375 175
U (SUGER) (BREAD) 0.30 0.65 0.2 0.666667 1.025641 0.0050 1.05
2 (CORNFLAKES) (COFFEE) 0.30 0.40 0.2 0.666667 1.666667 0.0800 1.80
3 (SUGER) (COFFEE) 0.30 0.40 0.2 0.666667 1.666667 0.0800 1.80
- (MAGGI) (TEA) 0.25 035 0.2 0.800000 2285714 0.1125 3.25
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PLEREE R g0y (RGMEA 3) FMNAE 5 Hrian T
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https://m.straybay.com/my/ecommerce-wiki/cross-selling
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https://tianchi.aliyun.com/dataset/dataDetail?dataId=649
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